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2.3.3 TensorFlow
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' FeatureBxtrac
' FeatureExtrac
' FeatureExtrac
* FeatureBxtrac

xtrac
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tor
tor
tor
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Mobi lenatV?
Mobi lenetV?
MobilenetV:

MobilenetV
Mobi lenetV
MobilenetV
MobilenetV
MobilenetV

MobilenotV?

MobilenetV
Mobil
Mobi 1
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‘expanded
‘expanded
expanded
‘expanded
‘oxpanded
layer_19
oxpanded
‘oxpandod
‘expanded
expanded
expanded
‘expanded
expanded
expanded

oxpanded

conv_10/expand/BatchNorm/batchnorm/sub:out0',
conv_12/depthwise/BatchNorm/batchnorm/sub:out0' ,
onv_4/project/BatchNorm/batchnorm/mi] : out0’
conv_14/expand/BatchNorm/batchnorm/mul :out0' ,
conv_15/expand/BatchNorm/batchnorm/mul :out0',

2_Conv2d 5_3x3 128/BatchNorm/batchnorm/mul :out0', 'BoxPredictor_1/stack_1:out0',
conv_2/depthwise/BatchNorm/batchnorm/sub:out0’,
conv_8/expand/BatchNorm/batchnorm/mul :out0',

conv_16/pro ject/BatchNorm/batchnorm/mul :out0’, 'BoxPredict stack_1:out0',
conv_12/expand/BatchNorm/batchnorm/mul :out0',
conv_2/expand/BatchNorm/batchnorm/sub:out0’ ,
conv_1/project/BatchNorm/batchnorm/sub:out0’,
conv_11/project/BatchNorm/batchnorm/sub: out0’
conv_8/depthwise/BatchNorm/batchnorm/mul :out0',

conv_8/expand/BatchNorm/batchnorm/sub:out0’ ]
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convolution(3x3)

convolution(1x1)

convolution(3x3)
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layer Fes xtractor/MobilenotV2/oxpanded_conv_5/depthwise/Relu6_182 (relun)
layer Fe xtractor/MobilenotV2/oxpanded_conv_4/depthwise/Relu6_187 (relun)
layer xtractor/Mobilene expanded_conv_3/depthwise/Relu6_189 (relun)
layer FeatureExtractor/MobilenetV2/expanded_conv_5/expand/Relu6_191 (relun)

p layer FeatureExtractor/MobilenetV2/expanded_conv_4/expand/Relu6_196 (relun)

layer FeatureExtractor/MobilenetV2/expanded_conv_3/expand/Relu6_198 (relun)
layer PeatureExtractor/MobilenetV2/expanded_conv_2/depthwise/Relu6_210 (relun)
layer FeatureExtractor »tV2/oxpanded_conv_1/depthwise/Relu6_211 (relun)
layer FeatureExtractor xpanded_conv_2/expand/Relu6_216 (relun)
layer FeatureExtractor onetV2/expanded_conv_1/expand/Relu6_217 (relun)

p layer FeatureExtractor/MobilenatV2/expanded_conv/depthwise/Relu6_225(relun)
Strip layer FeatureExtractor/MobilenetV2/Conv/Relu6_228 (relun)
Transform FeatureExtractor/MobilenetV2/layer 19 2 Conv2d 5 3x3_s2 128/Conv2D_41 to fullconnect
Optimizing network with c s, c2drv_convert_shape, c2drv_convert_ array, c2drv_cast_dtype

Building data

e
® RKNNToolkit
..

Proc xPredictor_3/Reshape_13

RKNN output shape (reshape): (100 54 1 4)

Process BoxPredictor_4/BoxEncodingPredictor/Bias!

RKNN output shape (convolution): (100 24)

Process BoxPredictor_4/Reshape_1

RKNN output shape (reshape): (100 24 1 4
BoxPredictor_5/BoxEncodingPredictor/BiasAdd_23

shape (convolution) : (100 1 1 24)

BoxPredictor_5/Reshape_11

RKNN output shape (reshape): (100 6 1 4)

Process concat_4

RKNN output shape (concat): (100 1917 1 4

Process attach_concat/out0_1

RKNN output shape (output): (100 1917 1 4)

Build mobilenet_v2 complete.

2.3.4 TensorFlow Lite

il TensorFlow Lite E#53E N TensorFlow Lite ZHEE UL, 7£%5 B RKNN A5 5 5] 1 75 5 it
TSR E

ZHNE 1155% 2.3.3 TensorFlow ZEH IS E 1.

SHIE 2T

® Model:
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TensorFlow Lite

Model

& 15 TensorFlow Lite Z:% i & 2

BRI, EAEL. JREEMA. BEAEIES % 2.3.3 TensorFlow ZF7.

2.3.5 MXNet

iy MXNet ElbriE N MXNet DhfRg T, 755 A RKNN B8 T R A R Ze i T S5 & .
ZHNE 1155% 2.3.3 TensorFlow IS E 1.

SHIE 2 Wk
® Symbol:

MXNet #8930 Cjson fE48) FTTERE/E .
® Params:

MXNet #EE 4 (. params J52%) e
® MANERIIR:

BRI OB B R ATIETE S, FIE SRRt i 3, 224, 224.
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Params

Symbol
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16 MXNet Z ¥ & 2
B . A EA. REEMA. R HESE 2.3.3 TensorFlow &5 .
2.3.6 ONNX

s ONNX EIFREEAN ONNX ZHRE VI, E45 RKNN B Fi [R5 22 5e AT S AU & -

S E 11557 2.3.3 TensorFlow EW IS E 1.

SHACE 2 W
® Model:

ONNX RIS 4: Connx J54%) FR{EER1% .

*%e .
o i® RKNNToolkit
L3 )

ONNX

Model

Kl 17 onnx S E 2
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2.3.7 Darknet

Rl Darknet FFREEN Darknet THEETUIHI, 7E#5 i RKNN A B [F AL 75 B TSR & .

ZHIAE 1i52% 2.3.3 TensorFlow EFH S HACE 1.

ZHBCE 2R
® Model:

Darknet #8 f (.cfg J54%) FrfEi&iz.
® \\eight:

BCE A Cweights J548) FITTEEAR .

e%e
e e RKNNToolkit
L)

Darknet

Model Weight

18 Darknet S Hc & 2

RN . B S, JREEM. BEAEEIES % 2.3.3 TensorFlow ZE37.

2.3.8 PyTorch

miis PyTorch BFREN PyTorch ZhEg i TH, (EH% K RKNN A T [F)FF 7 B 3 T 2 B
SHIE 1155% 2.3.3 TensorFlow S HECE 1.

SR E 2 WK
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® Model:
PyTorch B840 Cpt JG4%) FTfERkfE. Pth BALEE WA EHE, A MM, ik
HI 7 R FAH S BR R (0 torch jit.trace), K pth A58 AY 46 B G A AN B8 SO X 285 25 44 1Y)
torchscript C.pt J54%) 7Y,

o MIALFIIR:

FEANRIN T RO B B R B RS REE B, FHIE SRR, Bl 3,224, 224,

& AT

PRI, BRIABEA AT
o I

PRI, BRIABEA G T 5
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o e RKNNToolkit
o e

°

PyTorch

Model
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2.3.9 Caffe

fiih caffe EFRFEN caffe ThEE T, 7EH4 % RKNN #=7 fi [H) FE 75 B b7 S 800 & .
ZHIE 1155% 2.3.3 TensorFlow EH S AL E 1.

ZHICE 20°F:
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® Model:

caffe B S C.prototxt 528 0D FTEMAZ .

® Proto:
caffe #2145 3o
® Bilobs:

caffe #7Y f — 3k 088 0 (.caffemodel JG 2530 FRERR 1R,

%
e e RKNNToolkit
ege

Caffe

Model Proto

X o affe siin cifte

20 caffe ZH(Nic & 2

RN . MRS, JREEM. BEEEIES % 2.3.3 TensorFlow ZE37.
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